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Abstract
Individualincomeis much more variable thanaggregatepercapitaincome. Iargue thataggregate
information is therefore not very important for individual consumption decisions and study
models of life-cycle consumption in which indivíduals react optimally to their own income
process but have incomplete or no information on economy wide variables. Since individual
income is less persistent than aggregate income consumers will react too little to aggregate
income variation. Aggregate consumption will be excessively smooth. Since aggregate
information is slowly incorporated into consumption, aggregate consumption will be
autocorrelated and correlated with lagged income. On the other hand, the model has the same
prediction for micro data as the standazd permanent income model. The second part ofthe paper
provides empirical evidence on individual and aggregate income processes and calibrates the
model using the estimated parameters. The model predictions do not match the empirical










Contrary to the predictions of the modern version of the permanent income hypothesis (Hall,
1978), aggregate consumption changes in the U.S. are correlated with lagged income changes
(see Flavin, 1981). Moreover, Deaton (1987) and Campbell and Deaton (1989) demonstrated
thatconsumption is smoother than predicted by the model if income follows a highly persistent
process. In individual data, on the other hand, the orthogonality condition implied by the
permanent income model is much hazder to reject as a multitude of recent studies shows.Z If it
is vue that the model holds for individual data but not for aggregate data' then some type of
aggregation bias should explain the differences.
A variety of possible biases have been explored. Finite lifetimes will introduce a dependence
ofconsumption on cohort characteristics at [he aggregate level and the martingale result found
by Hall will not hold. Galí (] 990) has developed this point in a recent paper and has shown that
it is not importunt enough empirically to explain aggregate consumption data. Attanasio and
Weber (1990) have stressed nonlineazities as a possible reason for excess sensitivity at the
aggregate Ievel. Finally, a recent paper by Goodfriend (1992) suggests that agents may lack
contemporaneous infotmation on aggregate vaziables which invalidates the martingale property
of the model at the aggregte level. In this paper 1 explore the theoretical and empirical
implications of this type of incomplete information.
It is not unlikely that aggregate information plays little role in household decisions since the
economic environment in which individuals operate diffets sharply from the economy as it is
described by aggregate data. Most importantly, individual income is much more variable than
aggregate income: Below, I estimate that the standard deviation ofquazterly individual income
changes is about thirty times lazger than that for aggregate per capita income. While some of
this variationwill be attributable tomeasurementproblems, a lazge pazt may reflect idiosyncratic
2 See Deaton (1992) for a recent survey of the literature.
3 7iie inability to reject the model in micro data may of course also stem from problems related to measurement
error, inezact variable definitions, etc. that make these tests less powerful.2
income shocks. Therefore, individuals may make little effort to gather information on the
behavior of the economy, but rather watch only their own prospective fortunes. Furthermore,
individual income processes are much less persistent than aggregate income. The optimal
consumption response calculated on the basis of individual income processes differs
substantially from the predictions of a representative agent model calibrated with aggregate
data. Using these facts, I construct a simple model in which agents react optimally to then
individual income innovations but do not incorporate infotmation on economy wide variables.
The model correctly predicts what weobserve in aggregate data: thecorrelation of consumption
changes with lagged income and excess smoothness.
A simple example makes cleaz how the model works. Suppose a worker gets laid off from his
job; he does not know immediately whether [his is due to specific conditions at his firm or
because of the onset of a general recession. If the layoff is due to highly individual factors then
it will bc easy for the worker to find new employment and the income reduction associated with
the unemployment spell dces not call for amajorrevision in consumption expenditures. Should
the unemployment be due to aggregate factors, employment will be depressed at other firms as
well and lead to a much longer expected unemployment spell. The necessary revision in
consumption will be much larger than in the former case. The worker adjusts consumption in
a way that will be correct on average given his overall experience with unemployment.
Looking at aggregate data, an econometrician will find ex post that everybody revised
consumption downward too little at theonset ofa recession. Subsequently, there will be further
revisions once workers leam about the true scope and persistence of the shock. Consumption
will appear correlated with lagged income and will appeaz smoother than predicted by a model
where agents know the cause and length of their unemployment spell immediately.
There aze a number of well known expositions of the idea that individual agents may have
incomplete aggregateinformation. Phelps (1969) and Lucas (1973) suggested a model in which
workers~suppliers confuse aggregate and relative price movements. This yields an observable
Phillips curve relationship in aggregate data which is not predicted by a full information
representative agent model. Altonji and Ashenfelter (1980) use the same feature in a life-cycle
model of labor supply to generate an intertemporal substitution effect. If the aggregate wagefollows a random walk and agents have full information there is no room for intertemporal
substitution. If workers only know the lagged aggregate wage and their own wage, consisting
of an individual and an aggregate component, then the model yields aggregate employment
fluctuations even if the aggregate wage is arandom walk. Froot and Perold (1990) have recently
suggested a model where securities market specialists observe only information on their own
stock contemporaneously but not aggregate information. Their model yields correlated
aggregate stock retutns.
In all ofthese models agents observe the aggregatevariable with a oneperiod lag. An analogous
model in which agents learn about aggregate incomewith a one quarterdelay has been suggested
for consumption behavior by Goodfriend (1992). His model yields an MA(1) process for
consumption changes. Therefore, no variable lagged at least twice should be able to predict
consumption changes. Thehypothesis oflagged information on incomehas first been considered
informally by Holden and Peel (1985). They reject this model on U.K. data by regressing
consumption changes on income and consumption lagged twice. Campbell and Mankiw (1989)
use infortnation variables lagged at least two periods and find the same result for the U.S. and
other countries.
This paper examines Goodfriend's model with lagged information on aggregate income as well
as aversion where agents know onlytheir own incomeprocesses but never observe the aggregate
component in their income. The latter feature has also been used by Deaton (1991) in a model
of precautionary savings and liquidity constraints. To avoid convoluting information
aggregation with other issues, 1 use Flavin's (1981) model with quadratic instantaneous utility
as a tool for this analysis. This allows explicit solutions for the consumption process. Given
the joint behavior of income and consumpdon it is then possible to calculate the regression
coefficient of consumption changes on lagged income changes and the ratio of the variability
in consumption to the variability in the income innovation. These predictions are easily
compared to the sample statistics for aggregate data.
To calibrate the model it is necessary to have information on aggregate and individual income
processes. While some estimates for individual earnings are available in the literature they are
not well suited for the present purpose. In particular, no estimates are available that utilize4
yuarterly income informaàon comparable to the sampling frequency of aggregate data. I use
the 1984 Panel of the Survey of Income and Program Participaàon which contains monthly
information on family income to construct the appropriate quarterly micro data. The estimates
for the micro income process are adjusted for measurement error as far as it can be identified
using the structure of the interviews.
Using these results, I find that the model yields predicàons that are in the correct d'uecàon and
deviate substanàally from thefull informaàon case. Quanàtatively, they do notmatch the results
for U.S. aggregate data well. The model generally tends to predict too high a correlaàon of
consumpàon with lagged income but not smooth enough consumpáon. Noàce, however, that
my procedure, using actual micro parameters to calibrate the model, subjects the model to a
much more stringent test than is usually adopted in the macro consumpàon literature. I show
that raàonal consumers would not concem themselves with acquiring aggregate information
because the gain only amounts to a few cents every quarter.
The paper is organized as follows. In the next section, I review the basic full information model
and theempirical failures it has generated. Using asimple income processas an example, section
3 analyzes the model with no observability of aggregate income and describes its implicaàons.
In secàon 4, I contrast this with the model of Goodfriend where aggregate informaàon becomes
available with a one period lag. The model implicaàons of more general income processes are
discussed in secàon 5. The next two secàons are devoted to the estimaàon of individual and
aggregate income processes; secàon 7 also summarizes the stylized facts on the consumpàon
puzzles. Section 8 uses the estimates on the income processes to predict features of aggregate
consumpàon and compares the results to the findings in the previous secàon. Secàon 9
concludes.5
2. The Model with Complete Aggregate Information
In this section 1 will set up the model and review a simple example where agents have individual
specific income processes that differ from the time series structure of aggregate income.
However, each micro agent has full contemporaneous information on aggregate income. At the
agggregate level, this model is equivalent to a representative agent model.
The consumer solves the life-cycle maximization problem:
Max E E - u(c ) (1)
i~,} ' J-~ 1fS '
s.t. W,,,-(Ifr)[W,fy,-c,]
lim (1 f r)-`W, - 0 a.s.
(yro
c, is consumption, y, is non-interest income, and W, is non-human wealth at the beginning
of period t. Income is paid and consumption takes place before interest accrues on wealth. r
and S aze the interest rate and the time discount rate, respectively. Both aze assumed to be
constant.
Flavin (1981) has shown that a quadratic instantaneous utility function and r- S yields the
following relation for the change in consumption
Ac - r ~ (E,-E~-i)Y~.,
` (lfr)s,i ..-o
i.e. consumption changes equal the present value of the news about future income.
(2)
If income follows a univariate time series process known to the consumer then (2) can be used
to relate changes in consumption to the innovations in the income process directly. Let income
be a process that is stationary in fust differences so that it has a Wold representation
Dy, -A(L)s, . For this process the change in consumption is given by
~` - A ( 1 f r ~~ (3)l will consider models where all individuals have identical income processes while each agent
facesdifferentrealizationsofthisprocess. Tofixideas,considerasimpleexamplewhereincome
consists of a random walk with innovations that are common to all individuals and a white noise
component with shocks that are uncorrelated across individuals. In first differences this proc;esa
takes the fonn
~Y~~ - E~ fu,~ - u~~-~ (4)
Subscripts i denote individual variables while no subscripts refer to aggregate variables. e, is
the aggregate income innovation, and u;, is the individual income shock. The innovations are
assumed to be uncorrelated.
Every period agents observe their own income y;, as well as aggregate income y, . Given that
they also know the complete history of these vaziables they can infer the fundamental shocks
e, and u;, . What isrelevant totheconsumer is how much each process contributes to permanent
income. The optimal rule is to adjust consumption fully to the permanent (aggregate) shock
and by the annuity value rl(1 t r) to the transitory (individual) shock, i.e.
r
~,~ - e, f - u,, Itr
(5)
The change in average per capita consumption is found by summing over individuals. Because
the individual shocks are mutually uncorrelated they will sum to zero in a large population so
that we obtain
~c, - ,L~i, - Er
n
(6)
Aggregate consumption is a random walk and the consumption change is just the aggregate
income innovation. Hence this model yields the same predictions as a representative agent
model where therepresentative agent facestheaggregate income process 4y, - e, . In particulaz,
consumption changesare uncorrelatedwith laggedaggregatevariables, likelagged consumption
or income changes. This martingale property has been tested by Hall (1978) by regressing
consumption changes on lags of consumption, income, and stock prices. Hall found littleexplanatory power for income but rejected nonpredictability for stock prices; Flavin (1981) also
found correlations with lagged income. I will call this rejection of the full information model
the orthogonality failure.
Hall's test only exploits the infomiation contained in the Euler eyuation. Combined with the
budget constraint the model has the additional implication that the vaziance of consumption
changes should depend on the structure ofthe income process as pointed out by Deaton (1987).
Taking variances in (3) and applying the formula to the representative agent model with random
walk incomc yields
a~ -A(]fr)- 1 (~)
since A(z)- 1 forthe random walk. The ratio ofthe standazd deviation ofconsumptionchanges
tothe standard deviation ofincome innovations should equal theconsumptionresponsepredicted
by the model, one in this case. Deaton found that the empirical equivalent of this variance ratio
is actually much too low based on an AR(1) for the first differences in aggregate income. Thus
consumption exhibits excess smoothness.
Notice how Quah (1990) has used a representative agent model with an income process as in
(4) to generate excess smoothness. Agents behavejust as in (5) but both shocks e, and u, aze
common across individuals. The econometrician only observes the compound income process
and calculates the magnitude of the optimal consumption change based on this (misspecified)
model. Quah demonstrates that the econometrician's model implies a more variable
consumption series than the true series and therefore appazent excess smoothness. However,
since consumption in (5) is uncorrelated with any lags of income this cannot account for the
orthogonality failure also present in the data.
llxinl; thc ximplr cxample ahove, I will now addresx how incomplete infonnatian of agents on
aggregate income can lead to both the orthogonality failure and excess smoothness at the
aggregate level. A more general treatment will follow.H
3. Unobservable Aggregate Shocks
Considerthe income process in (4) again but now assume that individualscan only observe y;, .
Ifthe individual cannot distinguish the aggregate and the individual component then this process
to her looks just like an MA(1) process for the first differences in income. The income process
the individual observes can thus be written as
oy,~ - ~t,~-~1~~-~ (8)
Therandomvaziable t~;, willcontaininformationoncurrentandlaggedaggregateandindividual
income innovations. Note that {tl;,} , though not a fundamental driving process of the model,
isan innovation sequence with respectto the history ofindividual income changes. Muth (1960)
has shown that (1 -Am;, is the optimal predictor of the innovation to the random walk
component of income. The MA parameter A in (8) depends on the relative variances of the
aggregate and individual income shocks.`
Equadon (3) still holds so that changes in individual consumption follow
9 1 fr- 9 DY~, (9)
Ac„- 1-ltrrt„- 1fr tl;~-Atlu -A1-9L
Individual consumption changes are a martingale with respect to the history of individual
consumptionand income. AresearcherdoingHall's (1978)analysis onpanel datafor individuals
should not reject the permanent income model.s This type of testing procedure has been carried
out,forexample, by Altonji and Siow (1987)whodo notreject themodel. Estimatingastructural
model as in Hall and Mishkin (1982) would not be correct because their model assumes that
4 Define the Gnt order auuxorrclauon coefficient in (4) p-~l(v` t2a;) . T'hen 9-~ I- 1-4p~2p .
5 The martingalc prupurty only holds with respect to variables that are in individuals' information sece. Many
researt:hers using panel data control for macroeconomic shocks. Goodfriend (1992) pointed out Uta[ such
convols also invalidate the Hall procedure. 1 show below that the variance of individual income innovations is
far larger than the variance of the aggregate componenr this will therefore not be very impaYant in practice.9
consumers know the income components in (4).6 The correct structural model would use the
income process in (8) instead. This has been pointed out by Speight (nodate) who findssupport
for the model with incomplete information on Austrian panel data while the Hall and Mishkin
model is rejected.
1 want to focus here on the aggregate implications ofthe incomplete information case. To find
the change in average per capita consumption use the last equality in (9) and equaáon (4) and
sum over individuals.
~F,ec,, -
A~ eY,~ - A~e,fu~~-u,~-t
n n 1-8L n I-9L
[ndividual shocks will sum to zero again so that we obtain
1 E, -Ee~,, - e~, - A
n i - AL
(10)
ec,(1 -8L) - Ae, (ll)
Equaáon (11) has a number ofinteresting implications. Unlike individualconsumpáon, theper
capita series of consumption is not a random walk as the representative agent model predicts.
Consumption now follows an AR(1) in first differences. The intuition for this is rather simple.
Suppose an aggregate shock hits the economy. All the individual consumers see their income
changing but they assume that a part of the shock is idiosyncratic and therefore transitory. They
will change their consumption but not by as much as the permanence of the shock calls for.
Because the shock is persistent, in the following period they will be surprised again that their
income is higher than expected, they will inerease their consumption further and so on.
All this implies that an econometrician working with the representative agent model will find
both the orthogonality failure and the smoothness result in aggregate data. Suppose the
econometrician estimates the following model
6 This is not literalty we. Hall and Mishkin (1982) only distinguish a permanent and a transitory income
component. These are not identified with aggregate and mdividual income processes as in the ezample in the
tezt. Furthermore, Hall and Mishkin find nonzero correlaáons betweenconsumption changes and lagged
income changes or lagged consumpáon changes in their data. Apart from the appropriateness ofthe structurel
income process it is thesecorrelations that lead to a rejecáon of the model in their sample.10
~c, - a f p4y,-, f e,




-E{A(,E~~e,-,} AAoÉ - A6 (13)
~ - aÉ
Because individuals do not recognize an aggregate shock to be permanent they will not adjust
their consumption by as much as they would if it were the only type of shock to occur. This
will lead to more smoothness in aggregate data than predicted by the full information model
wherethe variance ofconsumptionchangesequals thevazianceof aggregate incomeinnovations.
For the model with heterogeneous agents and incomplete informatíon we get instead from (11)
6~` A (14)
6E - 1-e2
Ifidiosyncratic shocks are present and the interestrate is small enough the ratio of the standazd
deviations of the change in consumption and the aggregate income innovation will always be
less than one. To see this more clearly, consider the case where r~ 0. In this case A- 1- 9
and (14) can be expressed as
6,~ 1-e
6E - lfe
This will be ]ess than one if 9~ 0.
(15)
It is easy to see which features of the example drive the result. The representative agent model
would hold for aggregatedata ifthe aggregate and the individual income processes had the same
persistence properties so that consumers would want to react in the same way to each type of
shock. In this example, consumers do not want to increase consumption enough in response to
an aggregate shock because they confuse it with the individual income innovation which is less
persistent.I1
The results also hinge on the assumption that individuals cannot or do not fínd ít profitable to
distinguish aggregate and idiosyncratic shocks. Otherwise they would react differently
according to the persis[ence properties of the specific shock observed. Goodfriend (1992)
originally proposed such a model, where infonnation on aggregate income beeomes availabte
with a one period lag. Forcomparison, I will analyze the implications ofthis model with lagged
infonnation on aggregate income in the following section.
4. Lagged Information about Aggregate Shocks
Suppose aggregate data aze published with a one period lag. In period t individual i will observe
y;, and the aggregate shock E,-, . Also assume again that the consumer has access to the infiníte
history ofshocks and can therefore infer u;, -, as well once the aggregate shock is known. Write
the income process (4) for the individual as
4Y;, - v;~ - u;,-, where v;, - e, f u;, (16)
We can decompose the information the consumer gets every period into two parts. The first
part is v;, , the current period innovation which is contained in current individual income y;, .
The consumer dces not know how the innovation in a particular period is composed of the
permanent (aggregate) component andthetransitory(individual) component. She will therefore
attribute part of the current period innovation to each component given the relative variances.
For every particular innovation there will be errors, of course. Secondly, the consumer gets
information from the lagged aggregate shock. Once this information arrives she will be able to
correct the error made last period in attributing the innovation to its components.
The optimal consumption response will have two parts corresponding to the two pieces of
information: a response to the new innovation and a term that corrects for the error made in the
previous period. The first part of the consumption response, the reaction to the current period





whcrc w- a;l(cs; t a;) ix the relative variance of the aggregate shoe;k.' The first term is the
piupurtiun uf thc new innovatiun expu;ted w be; pcrmancnt, the consumption response to that
part is one. The second term is the part expected to be transitory, the response is rl(1 t r) .
Consider the correction for errors made last period. Define the negatíve of the error in the
aggregate component as
~;,-~ - e,-,-wv;,-, - e,-,-w(e,-,tu;,-,) - (1-w)e,-, - wu;,-, (18)
The errors in the individual component and in the aggregate component have to sum to zero
since the signal extraction problem the individual solved in t-I yielded unbiased predictors of
the two components. The response ofconsumption in period t to errors made in t-1 is therefore
(1 t r)L
~;,-i } 1 f r(~~~-i)J
-~r-, (19)
The first term in the square bracket is the correction of the error in the aggregate component,
the second term the correction for the error in the individual component. Notice that interest
accrued on the portions of the shocks that had not been consumed in the last period.
Putting together the two pans of the total consumption response from (17) and (19) we obtain
wtr
~c;, - -v;, t (1 -w)e,-, - wu;,-, (20)
ltr
Like in the model of the previous section, individual consumption changes still follow a
martingale with respect to the history of individual income and consumption.8 This can easily
be seen by calculating the autocovariance cov(~c;,,~c;,-,). It will be proportional to
(1 - w)~ - w~ which is zero. The lagged income innovations in (20) arise from the fact that
errors are corrected after one period. However, optimal choice of the weight w implies that
these errors contain no infotmation correlated with lagged income or consumption changes.
7 Note that w- (1 t 2p)r(1 t p) -(t- 9)ZI(1 - 9t9') . [t is much more convenient to work with tu here.
8 I thank Steve Zeldes for pointing out anerror in a previous draft.13
Sum the individual consumption responses in (20) for a large population to get the per capita
consumption response
1 wfr
ec, - nEec;, - 1 tr
E, f(1 -W)E,-i (21)
ThechangeinaggregateconsumptionfollowsanMA(I)process. Noticethattheimpactresponse
to an aggregate shock is smaller in the lagged infotmation model than in the no infotmation
model because (wfr)I(1 fr) ~ A-(I -Afr)I(1 fr)'. This is because the relevant
innovationsthat theconsumer responds to differ in the twomodels. v;, inthe lagged information
model only contains information on contemporaneous aggregate and individual shocks. r);, in
the no infonnation model also contnins new information on lagged shocks.
Both the orthogonality failure and the smoothness result will still azise in the lagged infotmation
model, but their quantitative impottance will differ.to Consider the regression of the change in





E{ ~ te, t(1 - w)E,- t
6É
which is positive. Taking variances in (21) yields
6e` w f r z
UE - 1 f r }(1 - w)z
which is less than one for small values of r.
- 1 - W (22)
(23)
9 This follows from 9 ~ 0 and [he relationship between 6 and m.
t0 The te.et carried out by Campbell and Mankiw (1989) should not reject the model since the'v test only tt;lies
on instrumcnts lagged at least two periods. Their rejection thcrefore is inconsistent wilh the model with lagged
infonnation.ta
Which of the two models presented above is more reasonable? Ideally, one would consider a
hybrid where agents obtain some noisy aggregate information with a lag. The two models can
he thought of as special cases of this hybrid model which generates an ARMA(l,l ) process for
consumption changes. The predictions for ~ and the ratio of the variability ofconsumption to
the variability of the income innovation lie between the predictions for the two polar cases
considered above. I do not elaborate on this here because I have not found tractable
generalizations to other incomeprocesses forthe model with noisy signals on aggregate income.
Among the two polar models the one with lagged information seems better suited to explain the
behavior of rational decision makers who form expectations on the basis of all available
information since basic aggregate statistics are provided virtually for free by the news media.
However, a rational agent will not only consider the costs, which are admittedly small, but also
the benefits. Cochrane (1989) has shown that it is possible to calculate the loss from
nonmaximizing behavior and found that these losses are generally small for small deviations
from the optimal path. The same should be true here. I will present results on the utility loss
from ignoring aggregate information in section 8 after showing what reasonable estimates for
the individual and the aggregate income processes are. First, turn to the formulation of the
model with more general income processes.
5. More General Income Processes
It is straightforward to extend the examples in the sections 3 and 4 to more general processes
for income. First rettun to the version ofthe model withno information. Let thefirst differences
in individual income be stationary. This is a fairly general framework since it allows for
stationariry in the levels as well, in this case the first differenced process has an MA unit root.
Income consists of an aggregate and an individual component given by their respective Wold
representations:IS
oY;, - ~(L)E, -a- e(L)u„ (24)
where ~(z)- E ~;z'
~-o
e(z) - E 8;z'
~-o
Average per capita income is then given by
DY~ - ~(L)E~
Given stauonarity, the pra;ess for individual income changes has a Wold representation
~Y~~ - A (L )Tl„
lndividual consumption will follow
1




Define 11, as the population average of t);, . Equating (24) and (26) and summing over
individuals yields
A(L~l~ - ~(L)e~ (28)
lf A(L) has no unit root (i.e. at least one of the two components is integrated of order one)~~
we can invert it to obtain
~` - A( 1 tr ~` - A( 1 f r~ ~(L)~(L)E~ (29)
l Indcr what conditionx does (29) imply excess smoothness in a representative agent model for
aggregate consumption'? For small interest rates, a necessary and sufficient condition forexcess
smoothness is given by
11 The analysis proceeds anatogously for stationary processes in levels after canceling the common unit root in
~(L) and A(L).16
1 f~(0) ('` fi(m) dtil ~ 1 (30)
2a fi(0) .f-,~ fe(w)
where f(to) is the normalized spectral densiry at frequency w for the respective processes. A
derivation is given in Appendix A. Condition (30) shows that relative persistence of the
component processes is importanC The higher is the spectral density at frequency zero of
aggregate income compared tothecompound pra;ess (and thuscompared to individual income)
the more likely is the model to yield excess smoothness. But a second component is present in
(3l1) indicating that the entire spectral shape of the processes also matters. This is the case
becauseindividualsuse currentperiodincome changes to extractnot only information on current
income innovations but on the entire history as well. The relative dynamics of aggregate and
individual income determine how they evaluate an observed movement in income. Excess
volatility of consumption can arise even if aggregate shocks are more permanent if certain
spectral densities are not well represen[ed in individual income. An example of such a case is
an aggregate MA(1) in first differences with a ccefficient of 0.3 combined with an individual
MA(2) in first differences with coefficients 0.6 and -0.4 and an innovation variance ten times
that of the aggregate incomeprocess. Aggregate income is more persistent, as measured by the
spectral densiry at frequency zero. Nevertheless, aggregate consumption is more volatile than
in the representaàve agent model.
The examples in the previous sections demonstrated the orthogonaliry failure through the
correlation at the first lag. For specific processes, this correla:ion can be recovered from (29).
However, there is no obvious way to parameterize the occurrence of the orthogonaliry failure
in general. Since Galí (1991) has shown that either excess smoothness or excess volatility has
to imply the orthogonaliry failure I will not pursue this issue separately here andreferthe reader
to Galf for details.
Now turn to the model with lagged information. Rewrite (24) asey„ - E, f u;, }~(L)E,-, } é(L)u„-~
where ~(z) - F, ~;z'
é(Z) - Ë e;z,
(31)
Define v;, again as the contemporaneous innovation. Since all the previous values of the
aggregate shocks can be observed and all the previous values of the individual shocks can be
inferred we can again think of information consisting of the innovation v;, and the correction
for the error made before. Equation (18) still defines the error made last period in attributing
parts of the innovation to the aggregate and the individual processes. Analogously to equation
(20) we obtain for the change in individual consumption
ec;, - {~~lfr~f
91 ltr~(1-w)~v~~ t (Ifr)j~~lfr~-B~lfr~}~;~
Aggregating yields`Z
~` -{~~ltr~
f AI lfr~(1-w)~e, t(lfr)~~I
Ifr~-91
ltr~}(1-w)s,-, (33)
The regression coefficient of consumption changes
ollln
llagged incolme changes is given by
~ - (]tr){~~i:,~-9(i:.~} (1-co) (34)
~ ~z
~-o
As in the previous section, the orthogonaliry condition holds at all further lags because agents
incorporate all aggregate information after one period. It is obvious that for small interest rates
thecondition ~( I) ~ 9( I) is necessary and sufficient for apositiveregression ccefficient in (34).
Itturns out that the same condition togetherwith invertibility of A(z) is also sufficient forexcess
smoothness. A demonstration ofthis fact is given in Appendix A.
12 Equauons (32) and (33) cortespond toequations (11) and (12) in Goodfriend (1992).18
ln contrast to the no information model income dynamics do not play a role here. Only the
relative persistence of aggregate and individual shocks as measured by ~(1) and A(1) matter.
This is because households can separate new infonnation v;, from lagged information which
is not the case for the no information model.
6. Empirical Results on Micro Inrnme Processes
The remainder of the paper explores whether the data bear out the implications of the models
studied above. The strategy 1 pursue is to estimate simple models for the micro and macro
income processes f'vst. Using these estimates I calculate the implied values of the excess
smoothness ratio and the regression ccefficient for the orthogonality test at the aggregate level.
The results aze then easily compazed to the aggregate sample values of these statistics.
1 start in this section by presenting results on individual income processes. Previous studies in
this area reveal that income innovations for individuals aze less persistent than shocks to
aggregate income and that individual income variation is faz more important.
MaCurdy(1982)and Abowd and Card (1989) haveanalyzed the timeseries structureofearnings
in micro data. They find that the log of earnings changes formale household heads in the U.S.
is well described by an MA(2). Both MA coefficients are negative, with the first one between
-U.25 and -U.4 and the secood one closer to zero. The variance of log earnings changes is
substantial. The standazd deviations range from about 0.25 to a high of 0.45 for certain years.
This means that a one standard deviation change in earnings is 25 percent to 45 percent of the
previous level. Individual income risk is cleazly the main source of income uncertainty
individuals face.
MaCurdy only analyzes data from the Panel Study of Income Dynamics which is conducted
annually. Abowd and Card also present results for data from the control groups of the Denver
and Seattle Income Maintenance Experiments which correspond to semiannual income. Theyl9
find generally first order autocorrelations that areeven more negative for these data. However,
this may not result from the different sampling frequency but from the fact that the experiment
oversampled relatively poor households.
Whilethese studies refer to earnings, results for the (annual) family income process are provided
by Hall and Mishkin (1982). They estimate a restricted MA(3) for income changes withresults
very similar to the studies mentioned above. Family income appazently follows a process very
similar to individual earnings.
None ofthese results are directly suited for the presentpurpose. The stylized facts on aggregate
consumption have all been established on quarterly series. In order to have analogous results
for individual income 1 estimated restricted covariance models with quarterly data that I
constructed from the 1984 Survey of [ncome and Program Pazticipation (SIPP). This panel
survey wasconducted three times a yeaz from late 1983 to the beginning of 1986 in about 20,000
households and collected monthly income information. The interviews took place on a rolling
basis, with one fourth of the sample being interviewed each month. ln each interview,
infonnation was collection on the four past months. From these data I conswcted a panel of
quarterly income from the fourth quarter of 1983 to the f'vst quarter of 1986, the longest span
for which information on the entire sample is available.
Consumption decisions aze most likely made at the family level. I therefore selected families
that can be followed continuously throughout the sample period and did not change head or
spouse. Most likely, events that change household composition in a major way will also lead
to lazge income changes. The sample selection will therefore tend to understate the variance of
income changes. Furthetmore, I limited the sample to households whose head did not go to
school in any part ofthe sample period. The latter group may have large movements in income
which are anticipated by the individuals but would appearas randomelements in the estimation.
For example, an individual just f"inishing school will have a large increase in income. But this
jump will have been foreseen and has therefore, according to the model, already been
incorporated in previous consumption decisions. I also eliminated non-family households since20
I cannotjudge whether they make joint or individual consumption decisions. Finally, I limited
the sample to families with heads between the ages of 16 and 70 during the survey period.
Appendix B contains further details on the construction of the sample.
The correct income concept is net family income from all sources excluding capital income.
Variables on total family income and income from capital are provided on the SIPP user tapes;
these are aggregated from an azray of detailed questions on various income categories for each
family member. I use these variables although there aze some problems associated with them.
First, tax infotmation is only collected infrequendy and cannot be apportioned to single months.
This is a severe shortcorning of the data because gross income will have a higher variance and
(in a progressive tax system) exhibit more transitory fluctuations. Furthetmore, the individual
variebles that mace up family income can have imputations. Since the imputations occur at the
disaggregated level it would be rather azbitrary to decide which observadons to delete because
ofthe imputations. I decided to use all the data. Imputations should lowerthe estimated variance
of income changes, presumably largely at the cost of the transitory income component. Finally,
all disaggregated income items are topcoded at ~8,333 per month. It is impossible to decide
from the aggregated income items which variables have been topcoded. The topcoding only
affects a small portion of the sample and will also reduce the income variance."
13 About2 percent ofthe households in each wave report total income ot S 8,333 or more. Tl~is is an upper
bound for the mcidence of topcoding since it may tesult by summing various components that may each be
below the cutoff. I)eleting all the households that have income above this level in at least one monthduring the
samplc pcriod eliminates 12 perccnt of the households. 71te variance of income changes is cut by 60 pereent in
this smaller sample while the estunated autocorrelations are very similaz.21
Table 1
Baxic Sample Statistics
SIPP Sample CPS Sample
Mcan Sld. Dcv. Mcan Sld. Dcv.
Agc 43.9 12.9 42.5 13.4
Ycars o( Schiwling 12.6 3.25 12S 3.22
Non-White 0.12 0.32 0.13 0.34
Male 0.77 0.42 0.73 0.44
Never M:uricd 0.09 0.29 0.14 0.35
Family Si~c 3.03 1.50 2.2i2 1.56
Family Income 1984
(quarterlyI
6,663 4,933 6.666 5,060
,.,rii,i; 5~~.,,. r; , 25,033
1 provide some basic characteristics of the sample in table 1 which also presents results from
the March Iyt;S Current Population Survey. ln most respects the SIYP sample mau;hes the
general population closely.
Measurement error. Before turning to the estimation of the quarterly income process I present
a few features of the monthly income data for the sample just described based on the firsteight
waves". As a referee pointed out, family income has the feature thatit is constant over a period
of time and only changes atinfrequent intervals. This constancy of income in the SIPP is mainly
a feature of the interview structure: 47 percent of the families in the sample report no change
from one month to the next within interviews, while only 9 percent report constant income in
two adjacent monthsacross interviews. Rernember that in each interview households aze asked
about income in the four preceeding months. A large fraction, 27 percent, reports constant
income within the entire interview. These numbers, rather than telling us aboutthe true dynamic
14 Only two of the four rotation groups in the 1984 SIPP had nine interviews.22
structure of the income process, aze indicative of substantial measurement error. Households
seem to smooth income fluctuations within interviews in the'u reports while accetuating
fluctuations across interviews.
The structure of the data collection process allows to recover part of the measurement error
process. It is useful to characterize income and measurement error in the following way:
y~~ - y,~ } ~~ t ~,;, (35)
Subscripts i refer to families,j to interviews, and t to months. Measured income consists of true
income (indicated by a star) and an additive measurement error. The measurement error is
decomposed into two parts, the first í;;;, summing to zero withineach interview whilethe second
It~ is constant within interviews. Any additive measurement error can be decomposed in this
way.
This decomposition has the feature that the two errors aze uncorrelated and [~,,, is serially
uncorrelated across interviews. Furthermore, to capture the feature that households report
constant income within interviews, presumably ignoring some true fluctuations, [~,;, will have
to be negatively correlated with true income. As is usual in this type of analysis, no features of
this part of the error can be recovered from the data without outside information or strong
identifying assumptions. I will therefore ignore it in the following analysis. Fortunately, there
are good reasons toassume that this is not a major problem, sinceI work with aggregated quaterly
data below so that some of this error will wash out in the aggregation process. Furthermore,
the negative correlation with true income reduces the upwazd bias in estimating the variance of
true income changes. Finally, since [~,;, is uncorrelated across interviews its influence on the
measured dynamics of the income process will also be limited.
Given the way the SIPPdata iscollected itis possible toidentify thevarianceand autocovariances
of the second part of the measurement error Et;; . Differencing (35) yields
Dy„ t AZ~;;, within interview
AY~, -
Ay„ f AFt~ f A~,;, across interviews
(36)
Table 2 presents these variances and the first eight autocovariances by interview month.23
Table 2
Variances and Autocovariances for Changes in Monthly Family Income
(Income ~ 10(1l))
(standard errors in parentheses) '
1. Month 2. Munth 3. Month 4. Month
V.uiancc 2.439 0.961i L133 1.270
((1.O`13) (0.053) (0.068) (0.090)
AuluLUVarínncc I -0.680 -0.452 -0.481 -Q529
(0.080) (0.042) (0.038) (0.052)
Autceovariance 2 -0.059 -0.006 -0.020 0.017
(0.022) (0.020) (0.021) (O.ol3)
Autocovariance 3 -0.072 0.002 -0.013 -0.034
(0.020) (0.021) (0.019) (O.ol7)
Autcxovariance 4 -0.501 -0.001 -0.022 0.005
(0.030) (0.019) (0.024) (0.017)
Autocovariance S -0.006 -0.029 0.023 0.009
(0.022) (0.023) (0.020) (0.022)
Auuxuvariance 6 0.020 0.004 0.018 -O.OIO
(0.024) (0.015) (0.019) (0.020)
Aulix ov;u i;incc 7 -(l02b -0.01 H -0.012 -1!O44
(ILU14) (0.014) (OA22) (0.021)
Aul~xovariancc R fl.l)13 (LIIIS -0,01I I),OIB
~Oli?7i Ullil ~~ i;IJi?i; ~.l7Jiiy1
The most noticable feattue in the data is the higher variance in month 1 and the negative
autocovariance at lag 4 for the same month. The 1. month is the only one where the
constant-within-interview measurement errors do not cancel by differencing. Therefore, these
covariances are roughly consistent with a simple model for the measurement error where p,;
is uncorrelated with true income and is serially uncorrelated across interviews.za
From (36) it can be seen that the difference ofthe across and within interview variances is equal
to twice the variance of the measurernent error. This yields an estimate of vw of 0.658. An
alternative estimate is given by minus the fourth order autocovariance for month 1 which is
0.501. Optimally combining the sample information results in an estimate of 0.592 with a
standard error of 0.024.15
Given this structure for the constant-within-interview measurement error it is straightforward
to calculate the time series structure of the measurement error in the time aggregated quarterly
data. The measurement error will follow an MA(2) at the quarterly level. It contributes 5.33
to the variance of ineastued quaterly income changes (divided by 1000), -1.78 to the first
autocovaziance, and -1.48 to the second autocovariance. Details are given in Appendix C.
The dynamics of ineasured income. Measured family income is aggregated into quarterly
amounts. The estimation of the quarterly income process proceeds in three ftuther stages. In
a first step, 1 regressed changes in family income on a constant, changes in total family size,
changes in the number of children, and age of the head to eliminate detetministic components
of income dynamics; these regressors are similar to the ones used by Hall and Mishkin (1982).
Separate regressions were run for each quarter. Thus the data will be purged of all common
seasonal and aggregate components as well. None of the regressors explains income changes
very well; as is usual in such regressions the R2s range from only 0.002 to 0.008!
The second step was to estimate the unrestricted covariance matrix of residual income changes.
Table 3 displays this 9 x 9 matrix. The standard deviations of quarterly family income changes
range from ~2,931 to 53,353. The mean level of per capita family income is á7,278. The
standard deviations are between 40 and 46 percent of the income level, this is at the upper end
of the range found by MaCtudy and Abowd and Card on annual data.
15 Formally, therestricdons imphed by Ihis simple model for the measurement error are rejected by the data
The covariances are estimated rather precisely due w fhe relatively large sample size. Obviously, there ate other
implications of tlte data that are neglected hete. Forexample, table 2 shows that the variance of monthly
income changes increases towards the end of the interview, maybe indicating better tecall ofchanges in the
income stream for the more recent months.2S
Table 3
Covariance Mavix of Income Changes
(Income ~ 1000)
(standard errors in pazentheses)
R4:I 84:2 84:3 84:4 85:1 85:2 85:3 R5:4 86:1
R4:1 10.321 -0.254 -0.126 -0.101 0.047 -0.039 -0.026 0.006 0.044
(0.763)
84:2 -2.390 8.592 -0.290 -0.168 -0.001 Q040 0.013 -0.039 -0.023
(0.362) (0.507)
84:3 -1.207 -2.538 8.937 -0.236 -O.197 0.002 0.036 -0.064 -0.002
(0.345) (0.406) (0.625)
R4:4 -1.023 -I.SS4 -2.23:1 9.97R -0.355 -0.142 -O.ORO O.I03 -0.026
(0.329) (0.331) (0.357) (0.6R7)
85:1 0.510 -0.009 -1.971 -3.758 11.249 -0.306 -0.132 -0.036 0.058
(0.331) (0.304) (Q.290) (0.554) (0.720)
85:2 -0.369 0.350 0.021 -1.332 -3.044 8.792 -0.245 -0.188 -0.013
(0.22R) (0.237) (0.216) (0.222) (0.354) (0.461)
R5:3 -0.247 0.112 0.321 -0.755 -1.322 -2.175 R.954 -0.259 -0.171
(0.213) (0.201) (0.233) (0.219) (0.249) (0.286) (0.462)
RS:4 ILINSR -11.:176 -11.621 I.IK~6 -0.395 -I.RIS -2.52R I11.(r31 -0.326
(0.240) (0.200) (0.211) (Q242) (0.289) (0.244) (U.295) (0.631)
R6a 0.472 -0.219 -0.024 -0.269 0.647 -0.124 -1.692 -3.5(1 10.884
(0.2h3) (11.214) (U.274) (0.246) (0.2R3) (0.257) (0.241) ((1.497) (0.717)
C'wenances helow 1he diagunal, wrtelations above ~he diaganal
The first column in table 4 presents minimum distance estimates where the diagonals of the
abovecovariance matrix are restricted tohave constantelements.1ó Thefirsttwoautocorrelations
are Iarge in absolute value and comparable to the estimates for annual eaznings. Since time
aggregation of ARMA processes does not have this feature measurement error may be
responsible for this finding. Beyond the second lag, the autocorrelations are closer to zero but
some are still significant. The positive values atthe 4th and 8th lag stick out. These may indicate
that there are seasonal components at the individual level in these data. A look at table 3 shows
16 I initi:Jly cslimntcd cnvarianccx. Thc ~uu~danl crmrs on ihc rcntmcd autcxortclalionx auc ohlaincd by thc
Jclui mc~hiKl.26
that the 4th order autocorrelation is particularly large in the 4th quartec Differing seasonal
employment patterns in the last quarter, e.g. in construction versus retail trade, may be an
explanation.
Table 4
Stationary Processes for Income Changes




Standard 2951 2900 2893
Devia[ion (45.5) (44.4) (23.6)
Ist -0274 -0.271 -0.270
au[ocorrelation (0.009) (0.009) (0.009)
2nd -0.169 -0.162 -0.182
autocorrelation (0.012) (0.012) (0.010)
3rd -0.042 -0.025 ---
autocorrelazion (0.oi2) (0.010)
4th 0.058 --- ---
autocorrelazion (0.013)
Sth -0.019 --- ---
autocorrelation (0.012)
óth A.029 --- ---
autocorrelation (0.014)
7th -0.007 --- ---
autocorrelatiun (0.017)
8th 0.046 --- ---
autocorrelation (0.026)
Specificazion test
gz-sWtistic Idofl 60.2 [361 82.8 [41] 89.4 [42]
p-value 0.007 0.000 0.000
Tcst fur Stalionarity
x2-stazislic (dof) --- 38.3 [26] 3U.8 [21 J
P-v~nc 0.056 0.077
The specification test at the bottom of table 4 also reveals that the data is not very happy with
the stationarityrestrictions; there are significant differences inthevariances and autocorrelations
over the year. Income changes are less variable in summer as can be seen in table 3. These
findings are indicative of possible deterministic components in household income changes, i.e.27
changes that occur with some regulazity but not in the same direction for every household.
Compared to the short term dynamics in income changes as captured in the first two
uutururrelalionsthexcregul;irilicsdonolsecmuverlylargc. Lackinganyidentifyinginfurmutiun
on deterministic income changes and for reasons of tractability I will work with a stationary
MA(2) model for income changes. The test in the last row of table 4 indicates that stationarity
is not the major problem given higher order autocorrelations aze restricted to zero.
The micro inrome proce.cs. Using the results in the last column of table 4 together with the
results on constant-within-interview measurement error yields a standard deviation of "true"
income changesof S1,743. This implies a ratio of true variance to total variance of0.36, a value
substantial below the finding of about 0.65 reported by Bound et.al. (1989) from vazious
validation studiesfor annual earnings. Thestandard deviation abovehas to be divided by average
family size (3.03) to make it comparable to the per capita income results from aggregate data
used below. Furthermore, 1 adjust it by the average of the CPI for urban consumers (base
1982-84) over the sample period (which is 105.3). This yields a standard deviation of á546
which should be compared to a level of real per capita quaterly income of á2,278 in these data.
Making the appropriate adjustments for measurement error for the first and second
autocorrelations yieldsvalues of-0.160 and -0.014, respectively. Practically all the second order
autocorrelation is due to measurement error.
The parameters for an MA(2) process for the idiosyncratic component of income can be
recovered easily from these autocorrelations. The estimate of the standard deviation of the
income innovation is ~538 per family member per quarter. The MA coefficients are -0.167 and
-OA14. According to these estimates income surprises are large and contain a substantial
transitory component even after accounting for measurement error. As 1 have pointed out above,
heterogeneity in the individual income process and income fluctuations known to the individual
may bias these estimates. I presentevidence below that this dces not affect the conclusions very
much as far as it leads to an overestimate of the individual income variance while the results
are less robust to changes in the autocorrelations.zs
7. Aggregate Stylized Facts on Income and Consumption
ln this section I report the stylized facts pertaining to income and consumption processes in
aggregate data. This has two purposes. First, I will try to establish some simple time series
model for the aggregate income process. Together with the results of the previous section this
will allow me to calculate predictions from the model with heterogeneous agents for aggregate
consumption. 1 will therefore also report results on consumption here to compare them to the
predictions in the following section.
ln order to replicate the results often cited in the literature 1 make the same adjustmentc to the
NIPA data as Blinder and Deaton (1985) did. t' My sample ranges from the firstquarter of 1954
to the fourthquazter of 1990,the dataare taken from the 1991 Citibase tape. A detaileddescription
of the adjustments I make is given in Appendix B.
Table 5 presents results on the income process. The income series refers to "labor" income, i.e.
disposable incomeexcluding capital income. There isa slight conceptual difference to the micro
estimates sincethe aggregate incomeseriesexcludestaxes. However, whethertaxes areexcluded
or not makes little difference for the aggregate estimates. I therefore use the series commonly
used inthe literature. Asfor individual income I will use an MA(z) model forthe firstdifferences
of aggregate income but I also present results for an AR(1). The MA coefficients are estimated
by conditional least syuares,1e the AR model is estimated by OLS. I report results for two
different sample periods. 1954 to 1984 is the period of the Binder and Deaton (1985) dataset
that has been used extensively byvarious researchers. Notice that extending the sample to 1990
reduces the autocorrelation in the income changes slightly. Both the AR(1) and the MA(2) fit
the data well. The quarterly standard deviation for aggregate per capita income is only azound
4~ 15, compared to the 451N1 I found for the individual income component above!
17 Unlike BGnderand Dea[on (1985) I did not adjust income and consumption for nontax payments to state and
local govemments since the seties on Citibase is only available starting in 1958. For the post-1958 samplethe
difference is completely inconsequential.
18 This ignores the fact that initial values areassumed rather than detived from data when filtering the process
for the MA mnovazions.29
7'able 5
Aggregate Stylized Facts on First Differences of Income
(standard errors in parentheses)
AR(1) MA(2)
S.unple Period First Second Sid.l]rv.of
ccefficient ccefficient Income
Innovations
NIPA 0.368 0.392 0.022 16.1
1954-1984 (0.083) (0.090) (0.090) (1.02)
NIPA 0.307 0.309 0.023 17.0
(~tS4-1990 (0.079) (O.OR3) (0.083) (0.99)
Table b reportssome results on aggregate consumption forsimilarsample periods as the previous
table. It has been customary in themacro literattue to use consumer expenditureon nondurables
and services as consumption measure. Like Blinder and Deaton I eliminated expendittues on
clothing and shces from the nondurable consumption series. To make unitscomparable to total
income I multiplied these expenditures by the sample average of the ratio of total expenditures
to expenditures on nondurables and services.
Table 6
Aggregate Stylized Facts on First Differences of Consumption
(standard errorsin parentheses)
Samplc Periad Ccef. o( AR (1) MA (I) Ezcess
Consumption ccefficient coefficient Smonthness
Changes on Rauo
[ncome Lag
I9S4-I984 0.13R 0.225 0.220 0.583
(0.047) (0.087) (0.088) (0.060)
1954-1990 0.131 0.230 0.249 0.562
(0.043) (0.081) (0.081) (0.052)
The table reports the regression ccefficient of consumption changes on lagged income changes
which is in the order of 0.13 and clearly significant. Consumption changes are positively30
autoc:orrelated as measured by an AR(1) or MA( I) pazameter. The last column gives the excess
smoothness raáo of about 0.6. All these estimates are in line with previous fïndings in the
literature.
8. Predictions from the Model
I am now ready to present predicáons from the models using the empirical estimates for the
individual and aggregate parts of the income process. To check the robustness of the results I
will present a number of cases.
1 assume that both the individual incomeprocess and the aggregate income process are described
by an MA(2) in first differences.
AY;~ - (1 f~,L f ~ZL,Z)e, f (1 -a,L -~Z)u;~
- (1 -A,L -AZC,~M;, (37)
The consumpáon processes for the two models are given in (29) and (33) respecávely. In the
case of the no informaáon model aggregate consumpáon follows an ARIMA(2,1,2) process.
For the lagged infotYrtaáon model, consumpáon changes are an MA(1). The formulas for ~ the
coefficientfor a regression of consumpáon changes on lagged income changes can be found in
(34) and in Appendix A. The variance of consumpáon changes is easily obtained from (29) and
(33).
Predictions for these parameters are shown in table 7 and compared to the aggregate stylized
facts aboutconsumpáon from table 6. The basecase usesthe esámates forthe individual income
prucess adjusted for measurement error as described in section 6 and the 1954 - 1990 results for
aggregate income. Both the no informaáon model and the lagged informaáon model predict
both pazameters qualitaávely correctly. Quanátaávely, the results for the two models do not
differ much in the base case; both overpredict a and 6~~6e by about a factor of two.Table 7
Compazison of Model Predictions and Aggregate Estimates
Aggregate Estimates No Information Model Lagged Infonnation Utility
Model Loss
Cace (i a,~1a, ~ a,~a~ ~ Q,,~aF [Sl9uarter]
b.uc 11.131 0.565 0.3R4 11.91.5 0.46R 0.96R 0.070
2 0.13R O.SR3 0.434 0.947 0.515 1.014 O.ORS
4 11.131 11.5(ti 0.29R I).i29 U.R9R 1.1146 O.S44
4 11.131 n.5h5 0.2RR LlW7 0.3113 LOS4 11.029
5 0.131 OSGS 0.3R3 0.916 0.46Ci Q968 0.070
Hue cue: o, - S53X, a~ - 0.167, oz - 0.014, o, - S16.99, q~ - 0.309, ~- 0.023,
inlercnt rNe - 0.01, mean income - 52,278, ccef. or rel. nsk sversion - 2
Caac 2: As bsse cue but a, - S 16.10, Q~ - 0.392, ~- 0.022
Case 3: As óase cue lwt a, - SS14, q- 0.431, as - 0.225
Case J: As As.ie case Mn oy - 0, oy - 0
C'ase 5: As Inse case twl o, - 5269
The last column presents the per capita utiliry loss for a household that uses no aggregate
infotmation compared to the full information case.19 The loss is expressed in Dollars per quarter
and calculated for a coefficient of relative risk aversion of two. It amounts to 7 cents or 0.003
percent of total utility. This is similar to the findings by Cochrane (19259) who estimated the
utility loss for a representative consumer exhibiting excess sensitivity. The loss for higher risk
aversion ix easily ohtained by dividing by two and multiplying by the new ccefficient. Even
for a risk aversion coefficient of 10 the loss would still be rninor. This provides some evidence
that the assumptions of the no infotmation model seem to be quite reasonable: it does not pay
to collect aggregate information to improve consumption decisions.
The next rows present slight changes to the base case. Case 2 uses the aggregate estimates for
the 1954 - 1984 period; the results aze very similaz. Case 3 presents calculations with the micro
income process without adjustment for measurement error. The results in this case are much
19 Instcad of comparing the model with no infotrrtation to the Goodfriend model 1 use a model with full
contemporaneous inforrnation on aggregate variables as benchmark. UtiGty for this model is calculated much
more eacily than fnr the lagged infonnation model. The u[ility di(fercnces 1 pre,cent are therefore upper bounds
for the differences hetwcen the two models in the paper. See Appendíx D for details on [he calculauons.32
more favorable to the no infonnation model since the larger transitory component lowers the
variability of consumption. Since the difference be[ween the individual and aggregate income
process is greater the utiliry loss from not having aggregate information is also larger.
Cases 4 and 5 investigate the possible implications for the model if the variance and transitory
nature of the individual income process is overstated. Case 4 presents the results under the
assumption that the mean reversion in individual income is spurious and the true process is a
random walk. This lowers the predictions of ~i slightly and changes the excess smoothness
ratio little. The lastcase usesonly a halfthe standard deviation for individualincome innovations
comparedtothe base case. This change leaves thepredictions ofthe modelspractically unaltered.
Hence, thissensitivity analysis indicates thatchanging the variance ofindividual income changes
affects theresults very littlewhile changes in the income dynamics can have a substantial impact.
In the no infotmation model the excess smoothness ratio is affected in particular, in the lagged
infotmation model the regression ccefficient is more sensiuve.
Since these results only pertain to the most simple minded version of a life-cycle consumption
model it is not surprising that the results do not match the data more closely. But it bec;omes
clear that incomplete information may play an important role in explaining excess sensitivity
and excess smoothness at the aggregate level.
N. Luncluding Lommenls
ln this paper 1 have analyzed the implications of heterogeneity in income and incomplete
information on the source ofincome shocks for the form of the aggregate consumption process
and its relation to observed income. The failures of the full information life-cycle consumption
model usually found in aggregate data clearly arise if individual consumers adjust their
consumption correctly to individual income innovations butdo not care to distinguish aggregate
and idiosyncratic income variation. Using estimated parameter values for individual and
aggregate income processes, the model gives predictions that deviate substantially from the full
information benchmazk. However, the results indicate too much correlation of consumption3-1
changes with lagged income but not smooth enough consumption. Nevertheless, heterogeneity
in income and incomplete infotmation seem to account for a large portion ofthe deviations from
the full infomiation case.
Rational expectations models with incomplete aggregate informution have mostly used the
assumption that aggregate information arrives with a oneperiod lag. In the present context, the
no information model seems to yield somewhat better results than the lagged information model
but does not clearly dominate it. Some combination of the two models will probably improve
the predictions and certainly seems more reasonable as a description of reality. Consumers may
notdeliberately collect aggregate information. But their interaction with many other individuals
will reveal a lot to them about the nature of their own incomeprocess. Forrnalizing models in
which aggregate information arrives more slowly should be an area thatdeserves more attention.
The feature that drives the results in this paper is that the model yields an autcx;orrelated process
for aggregate consumption changes. Galí (1991) has shown that excess smoothness of
consumption can be characterized in the freyuency domain with less restrictive assumptions
than in Deaton (1987) or Campbell and Deaton (1989). Essentially, his results stem from the
autocorrelation in consumption changes and are therefore consistent with the predictions from
the no infomiation model.
A number of other models have been suggested that lead to autocorrelated consumption. A
simple model of habit formation (Deaton, 1987) or slow adjustrnent of consumers to income
shocks (Attfield, Demery, and Duck, 1992) also leads to an AR(1) for consumption changes.
Unlike for the models studied here, the micro parameters are generally not estimable in these
cases so the models cannot be subjected to the same stringent test. Furtherrnore, these models
imply that consumption should have the same autocorrelation structure in micro and in aggregate
data. This seems to be at odds with the empirical findings.
Although in this paper1 have focussed on implications ofthe no informatíon model foraggregate
data the model is roughly consistent with previous findings on micro data for consumption. It
prulicts currectly that the orthogonality conditions should not be rejected in pancl data. The
approach taken by Altonji and Siow (1987), Zeldes (1989) and Runkle (1991) isconsistentwith
the model presented here. These studies find littleevidence against the permanent income model34
with food consumption data from the PSID. The exception is Zeldes (1989), who finds some
evidence for such correlations for low wealth consumers in the PSID, interpreting them as
liyuidity constraintx.
lt seems quite reasonably a priori that part of the population is liquidity constraint. [nteractions
of liquidiry constraints and precautionary savings motives with the incomplete information
assumption areconsidered in Deaton (1991). In numerical simulationsDeaton fmds a regression
ccefficient ofconsumption growth on lagged income growth of0.42 and a smoothnessratiojust
below one. His results are for logs of the vaziables and are therefore not directly comparable
to mine. Nevertheless, it seems that incomplete information may be the major factor driving
these results.
Since the specifications in this paper aze very restrictive future research should incorporate
incomplete infonnation into more sophisticated models. Finite lifetimes and advance
information of consumers about income changes are possible candidates that may play an
important role in bringing the results presented here better in line with the data.35
Appendix A
Derivation of Conditions for Excess Smoothness
Let (3 - l l(1 t~~) and use (3) and (25) so that excess smoothness in the aggregate is given by
01~ ~ ~z(p)o~ or
y~ s - ~~ ~ 1 (A 1)
~~lÍ))~;
Consider the no information case. Using (29) in the text the spectral densiry of aggregate
consumption changes is
Az(a) I ~(e-,~) ~z h~(w) - 2n I A(e-;~,) ~Z QÉ (A2)
The variance of consumption changes can be found by integrating (A2)
~~ - J h~`(w) dw - J A2np)
i Á(ey~ liz ~ dw
so that the quanity `Y is given by
1 Az(a) (~ I
~(etid) ~z
~- 2n ~z(a) J~ ~ A(e"~) ~z
dw
1 Az(a) ~ ~r h~(w) dw
- 2n ~z(p) ~ J hn(w)
I AZ(p) ~n Qn, x1r~ f~(w)
dw
- 2~ ~z(p) 6E ónr~ ~f~(w)
(A3 )
(A4 )
where f,(w) - h,(w)l6; is the normalized spectral densiry of process .~. Taking limits as the
interest rate approaches zero gives the following expression which appears as (30) in the text:




Now turn to the lagged infotmation model. From (33)36
~~ - [~(a)wfA(~)(1-w)]zf(Ifr)z[0(~)-Aía)]zíl-w)z
~
Using condition (A1) and letting interestrates get small we obtain
lim `Y ~ 1
Iti0
~ [~(1)wfe(1)(1-w)]zt[~(I)-9(1)]z(1-w)z ~ ~z(I)
(A6 )
(A7)
Define K(w) -[~(1)-A(1)]wfA(1) which will be positive given ~(1) ~ A(1) ~ 0. The latter
inequality holds if A(z) is invertible. Notice that (A7) can be rewritten as
KZ(w) t [~(1)-K(w)]Z ~ ~Z(1) (AS)
Thus we have to show that (A8) is satisfied. Use ~(1) ~ A(1) , multiply both sides by 1-w
and rearrange to get
K(w) - [~(1)-A(1)]wtA(1) ~ ~(1) (A9)
Recall that K(w) is positive, multiply both sides of (A9) by twice K(w) and add tp(1)z to
complete the square. Rearranging yields (A8) which completes the proof.
Empirical Formulatiort. ln theempirical model in section R both the aggregate and the individual
income component are described by an MA(2). Then A(L) - 1 f a,L f azL.z . The roots of
this polynomial are defined by ~tz fa,~tf az - 0. Writing consumption changes in its series
representation.
i l
~ - A i;.l
~ (iti}~-N~i4~)(E~-~t~iEr-~-~t~zE~-z-~) (A10)
pi - F~ ~ -"





x{(Fti - Ftz t Ft~ - Na) (~i t~i~z) f (It~ - N~ (1 f~i t~~ f(iti - Wi)~z} (A1I)
The variance of consumption changes can either be found by solving (A3) for the relevant
processes or by solving the Yule-Walker equations cotresponding to the ARMA(2,2) given by
(A 10). I have done the latter numerically.i7
Appendix B
Sample Selection and Variable Definitions
Construction of the SIPP Sample. The 1984 Survey of Income and Program Participation was
conducted in nine interview waves. Households were interviewed on a rolling basis, starting
October I~)83 for the first rotation group and ending luly 1986 with the last mtation group. For
wave 2, rotation group 2 was not interviewed, for wave 8 there is no interview for rotation group
3. In each interview, yuestions were asked about income for each of the previous four months.
Thus monthly income data are available for all rotation groups from September 83 to March
86. Since I intend to construct quarterly observations I started with the October 83 variables.
I started by matching household heads from the nine interview waves. This resulted in 12,874
matches. 1 then restrict the matched sample as described in the text by selecting continuous
heads for the period of analysis, that did not change marital status or their level of schooling in
any month. Per capita family income is constructed by subtracting property income (Fs`-PROP)
from total family income (Fs`TOTINC). Finally, I corrected reported age of the head so that
age increments by one every four quazters. The final sample contains quazterly variables from
the last yuarter in 1983 to the first quarter in 1986. The sample only includes heads that were
older than 16 years and younger than 70 yeazs throughout the sample. The final sample has
8,176 observations.
Corutruction of the Aggregate Series. I created the consumption and income series from the
National Income and Product Accounts largely following Blinder and Deaton (1985). The labor
income series consists of labor and transfer income (the Citibase Series GW t GPOL t GPT)
less xcx:ial insurance contributions (GPSIN). To subtract the portion of taxes on labor income
I created the ratio of wages, salaries and other labor income to income including interest,
dividends and rents. Penonul tax payments (GPTX) where multiplied by this ratioand the result
subtructed from income. Proprietors' income (GPROP) was multiplied by the same ratio before
adding it to the income series. Unlike Blinder and Deaton I did not add nontax payments to
stateand local governments to income andconsumption because Citibaseonly reports this series
starting from 1958. Income was adjusted in the second quarter of 1975 by subtracting the tax
rebate and social security bonus. The numbers for this adjustment were taken from Blinder
(1981), table 2.
The real consumption series is constructed by adding the constant dollaz expenditures on
nondurables and services and subtracting expenditures on clothing and shoesbecause thesehave3R
ratherdurablecharacteristics (GCN82 t GCS82 -GCNC82). Theconsumptiondeflatorobtained
by dividing the nominal consumption series by the real series is used to deflate income. Both
income and consumption aze divided by the total population (GPOP).
Finally, to make the scale of the consumption series compazable to the income series it is
multipliedby the ratio oftotal expenditures (GC82) to expenditures on nondurables and services.
Quarterly P11PA series are reported at annual rates. I divided all series by fourto obtain quarterly
amounts.19
Appendix C
Quaterly Measurement Errur Process
The aggregated quaterly observations for income I construct from the SIPP will generally draw
information from one or two interviews. Given that an interview covers four months, the three
months making up a quarter will be sequences of pairs (0,3), (l,2), (2,1), (3,0), where the first
digit indicates the number of months coming from the first interview and the second the months
from the next interview. After thís seyuence the pattern repeats. Due to the rotation group
design, each pair will be represented about equally each quarter. The following table indicates
how the process for observed quarterly income changes looks when the monthly observations
pertain to each of the four possible pattems.
Table CI




(0,3) 4Y.~ - DY,, t 3p;. - 31t;--,
(1'2) AY;~ - DY~~ f 21t;. - z~t;.-,
(2'l ) AYn - AY~~ f It~ - Ft~ -z
(3,0) 4Y;~ - 4Y~, } 2!-k - 2~; -,
Starred income variables in table Cl refer to true income plus variable-within-interview
measurement error. The subscript t refers to quarters,j to interviews. Since the measurement
error is uncorrelated across interviews and with true income, this yields the following variances
and autocovariances. The calculations given in the rows labeled "average" aze based on a value
of0.592 for ~. All autocovariances beyond the second are zero.40
Table C2





(0,3) var(DY;,) - var(DY;,) t 18~
(1 ~2) var(Dyu) - var(DYu) t 8az
(2,1) var(AY;,) - var(AY;,) t 2~
(3~~) var(AYu) - var(DYu) f 8oz
average var(Ay;,) - var(Ay;;) t 9~ - var(Dy;;) t 5.33
(~,3) cov(DY~~~AY~~-i) - var(DY~,.DY„-i) - 6~
(1~2) cov(DY~„DYa-~) - var(DY;~~AY~,-i) - 6~
(2~1) cov(DY;,~AY;,-~) - var(AY;~~Dy~~-~) f 2az
(3.0) cov(AY„~DY;,-~) - var(DYa,AY~~-~) - 2a~
avera8e ~o~(eya,eyu-J - var(oy~,eya-i) - 30~ - var(DY;,,ey;-J - l.~a
(~.3) cov(AY~,.DY;,-x) - var(DYn~DY,,-x) - 3~
(~,2) cnv(~Y,,,DY~,-x) - var(~Y„~~Y„-z)
(2~1) cov(AY,,~DY,,-z) - var(AY,~~AY„-x) - 3~
(3~~) cov(DY„~DY„-x) - var(DYu~DY„-z) - 4~
;~.z~~~~ ~ ~~;:~, . ~: ~„~:~,'.,~~,' - ~s6' - ~~~,r(o~„.ev;, ~ - i.a8ai
Appendix ll
Calculatiuns of Utility Loss
Ln this appendix I discuss how to calculate the utility loss the household suffers by ignoring
aggregate information in consumption decisions. The basic setup is taken from the appendix
in Cochrane ( 1989, pp. 334-335). The second part gives the matrix representations of the full
inforrnation model and the no information model used in the utility calculations.
Utility for the quadratic model can be written as
U(X,) - E, ~, ~X„~'RX,~~ (Dl )
~-o
where (3 - 1 I(1 f r) and X, represents the state vector of the system which evolves according
to
X, - AX,-, f T~,
E,(1;, , ~) - II
E~(~~~~~) - E
Equation (U l) can be rewritten as
(D2 )
U(X,) - X,'PX, t 1 }rTrace(PI~T") (D3)
r
where
P - R t pA'PA (D4)
P will bea symmetric matrix; therefore (D4) cannot be solveddirectly for P. Cochrane shows,
however, that
Mvec(P) - (I -pM(A'~A')Nj'Mvec(R) (DS)
where M is a transformation matrix that deletes the redundant rows of a stacked symmetric
matrix and N does the opposite operation, i.e.
vech(P) - Mvec(P)
Nvech(P) - vec(P)42
Ca;hrane uses (D3) and (DS) to solve analytically for U(X,) . [nstead, once the model is
expressed in the form (Dl) and (D2), these equations can easily be used to calculate utility
numerically. I took this latter route.
Thefull information model. [nstead of comparing the no information model to Goodfriend's
model with lagged information I chose to use a model with full contemporaneous information
on aggregate variables as the benchmark. This model will yieldhigher utilitythan Goodfriend's.
The utility comparisons I present will therefore be upper bounds for the choice relevant to the
consumer.
Since all the variables refer to a single household and the distinction between aggregate and
individual variables is not important here I suppress i subscripts for notational convenience.
Income in the full information model is given by the first line of (37) in the text.
Ay, - (1 f ~,L f tpzL,z)e, t (1 -a,L -o~Lz)u, (D6)
Optimal consumption is given by
r E
c - A f ~ ~ Y~„
1 tr ` ;-o (1 fr)'
- rA f y~ f ~~ } ~z E } ~z E a~ ~ ~ u- ~u (D7)
lfr ` ]tr (ltr)z] ` ltr '-' -[ltr (Itr)z] ` ltr `-'
and assets follow
A~ - (lfr)~A~-i f Y~ - ~,~
- A~-i - ~~~ } 1~Zr~Er-~ - ~z6~-z t ~a, f 1~rJ
u,-, -I- Or2ur-x (DÓ)
Define the state vector as
X~ - ll A~ y, E, E~-~ u~ u~-,]" (D9)
Using (D7) and (D9) we can write
c -c - f-c r 1 ~i } ~z z ~z -r cC, } az zl -~~X~ - F"X~ (D10)
L lfr lfr (lfr) lfr Llfr (Itr) J lfr
Then R in (DI) is given by41
k - - 2 t,1,..
The transition eyuation for the system in (U2) becomes
1 0 0 0 0 0 0 1
(1 1 () -~~~tl~2r~ -~x a,ifl~r ~ I
0 0 1 ~~ ~z -OC~ -O(.z
0 0 0 0 0 0 0
0 0 0 1 0 0 0
0 0 0 0 0 0 0
o u o 0 0 1 0
s e e
1frA` } Y, -[Ifr}(lfZr)2 ~~ - ltrtl~-~
Thc no injormation model. The income process to the household in the no infotmation model
looks like
DY~~ - (1-9,L-62[,Z)tl~
('onwmplion is givcn hy
r, -
and assets follow






A` - A'-' }[e~} 1 fr Tl~-i } ez~l~-z (DIS)
X~ -(1 A~ Y, Tl~ tl~-~l~ (D16)
Using (D14) and (D16)
s e e
~'-c -[-t ltr 1 -[lfr}(lfZr)2] -lfr
X' -F'X, (D17)
The transition equation becomesaa
L~~-~J
t o 0 0 0
0 1 o e~tle2r e2
0 0 1 -e, -eZ
0 0 0 0 0







Once both models have been solved for the level of utility attained the utility difference is
converted to quarterly rates by multiplying by rl(1 f r) . To convert the utility loss to dollar
tem~s divide the utility loss by the expected value of marginal instantaneous utility
á loss ~ quarter -
r AU - r ~U - r YDU (Dl9)
1 t r Eu'(c,) I f r (c - y) 1 f r y
where y is the ccefficient of relative risk aversion. The calculations in the paper are for a
ccefficient of relative risk aversion of two and a mean income level of ~2,278.45
References
Abowd, John and llavid Card (1989) "On the Covariance Sttvcture of Earnings and Hours
Changes." Ecnnnmetrica .57, 41 I -445.
Altonji, Juseph G. and Orley Ashenfelter (1980) "Wage Movements and the Labour Market
Equilibrium Hypothesis." Economica 47, 217-245.
Altonji,Joseph G. and AloysiusSiow(1987) "Testing the Response ofConsumption toIncome
Changes with (Noisy) Panel Data." QuarterlyJournal ofEconomics 102, 293-328.
Attanasio, Orazio P. and Guglielmo Weber ( 1990) "Consumption, Productivity Growth and
the Interest Rate." Institute for Fiscal Studies Working Paper W90~12.
Attfield, C.L.F., D. Demery and N.W. Duck (1992) "Partial Adjustment and the Permanent
Income Hypothesis." EuropeanEconomic Review 36, forthcoming.
Blinder, Alan S. (1981) "Temporary Taxes and Consumer Spending." Journal ofPolitical
Econnmy 89, 26-53.
Blinder, Alan S. and Angus Deaton ( 1985) "The Time Series Consumption Function
Revisited." Brookings PapersofEconomic Activity 2:1985, 465-51 l.
Bound,John,CharlesBrown,GregJ.Duncan,andWillardL.Rogers(1989) "Measurement
Error in Cross-Sectional and Longitudinal Labor Market Surveys: Results from Two
Validation Studies" NBER Working Paper tk2884.
Campbell,John Y. (1987) "Does Savings Anticipate Declining Labor Income? An Alternative
Test of the Permanent Income Hypothesis." Econometrica 55, 1249-1273.
Campbell, John Y. and Angus Ueaton (1989) "Why is Consumption So Smooth?" Review
ofEconomic Studies 56, 357-374.
Campbell, John Y. and N. Gregory Mankiw (1989) "Consumption, Income, and Interest
Rates: Reinterpreting the Time Series Evidence." In: Olivier J. Blanchard and Stanley
Fischer (eds.), NBER MacroeconomicAnnual 1989. Cambridge, MA: MITPress,185-216.
Cochrane, John H. (1989) "The Sensitivity of Tests of the Intertemporal Allocation of
Consumption to Near-Rational Alternatives." American Economic Review 79, 319-337.ab
Deatvn, Angus (1987) "Life-Cycle Models of Consumpáon: Is the Evidence Consistent with
the Theory?" In: Truman F. Bewley (ed.), Advances in Econometrics. Fifth World
Congress. Vol. 2, Cambridge, UK: Cambridge University Press, 121-148.
Deaton, Angus (1991) "Savings and Liquidity Constraints." Econometrica 59, 1221-1248.
Ileatvn, Angus (1992) Understanding Cnnsumption. Oxford: Ouford University Press.
Flavin, Marjurie A. ( 1981) "The AdjustmentofConsumpáon to Changing Expectaáons about
Future Income." .lournalof PoliticalEconomy 89, 1020-]037.
Frovt, Kenneth A.and AndreF. Perold (1990) "New Trading Pracáces and ShortRun Market
Efficiency." NBER Working Paper 1k3498.
Galí, Jordi (1990) "Finite Horizons, Life Cycle Savings and Time Series Evidence on
Consumpáon." JournalofMonetary Economics 26, 433-452.
Galí,Jordi (1991) "BudgetConstraints andTime SeriesEvidence on Consumpáon." American
Economic Review 81, 123R-1253.
Goodfriend, Marvin (1992) "Informaáon-Aggregaáon Bias." American Economic Review
82, 508-519.
Hall, Robert E. (1978) "Stochasác lmplicaáons of the Life Cycle-Permanent Income
Hypothesis: Theory and Evidence." JournalofPoliticalEconomy 86, 971-987.
Hall, Rvbert E. and Frederick S. Mishkin ( 1982) "The Sensitiviry of Consumption to
Transitory Income: Esámates from Panel Data on Households." Econometrica 50,
461-481.
Hvlden, K.and D. A. Peel (1985) "Surprises in the Consumpáon Funcáon, Incomplete Current ~
Informaáon and Moving Average Errors: A Note." Economic Journal95, 183-188.
Lucas, Robert E. (1973) "Some Intetnaáonal Evidence on Output-Inflaáon Tradeoffs."
American Economic Review 63, 326-334.
MaCurdy,Thomas E. (1982) "The Use ofTime Series Processes to Model the Error Structure
of Earnings in a Longitudinal Data Analysis." Journa!of Econometrics 18, 83-114.
Muth, John F. (1960) "Opámal Properties of Exponenáally Weighted Forecasts." Journal of
the American Statistical Association 55, 299-306.47
Phelps, Edmund S. (1969) "Introduction." In: Edmund S. Phelps et.al. (eds.), Microeconomic
Foundutions ofEmployment nnd Inflation Theory. New York: Norton.
Quah, Danny ( 19911) "Permanent and Transitory Movements in Labor Income: An Explanation
for 'Excess Smoothness' in Consumption." Journa!of Politica!Economy 98, 449-475.
Runkle, Uavid E. (1991) "Liquidity Constraints and the Permanent-Income Hypothesis:
Evidence from Panel Data." Journal of Monetary Economics 27, 73-98.
Speight, Alan E.H. (no date) "Consumption and Limited Information-Rational Expectations:
Implications of the Kalman Filter and Empirical Tests with Panel Data." Mimeo.,
University of Aberdeen.
Zeldes, Stephen P. ( 1989) "Consumption and Liquidity Constraints: An Empirical
lnvestigation." Journal ofPolitica!Economy 97, 305-346.Discussion Paper Serles, CentER, Tilburg Universlty, The Netherlands:










9121 J.W. Friedman and
L. Samuelson
9122 S. Chib, J. Osiewalski
and M. Steel






9127 T. Gao, A.J.J. Talman
and Z. Wang
9128 S. Altug and
RA. Miller
9129 H. Keuzenkamp and
A.P. Barten
9130 G. Mailath, L. Samuelson
and J. SwinkeLs
9131 K Binmore and
L. Samuelson
9132 L. SamueLson and
J. Zhang
Title
Exchange Rate Risk and Imperfect Capital Mobility in an
Optimising Model
Cunency Convertibiliry: When and How? A Contnóution to
the Bulgarian Debate!
Stability of Velocity in the G-7 Countries: A Kalman Filter
Approach
Bayesian Marginal Equivalence of Elliptical Regression
Models
Licensing and the Sharing of Knowledge in Join[ Ventures
An E~ension of the "Folk Theorem" with Continuous
Reaction Functions
A Bayesian Note on CompetingCorrelation Structures in the
Dynamic Linear Regression Model
Endogenous Growth and Income Distribution
Banking Theory: The Main Ideas
Non-Computable Rational Expectations Equilibria
Foreign Direct Investment and the Risk of Eicpropriation
Modification of the Kojima-Nishino-Arima Algorithm and its
Computational Complexiry
HumanCapital, Aggregate Shocksand Panel Data Estimation
Rejectionwithout Falsification- On the History ofTesting the
Homogeneity Condition in the Theory of Consumer Demand
Extensive Form Reasoning in Normal Form Games
Evolutionary Stability in Repeated Games Played by Finite
Automata
Evolutionary Stability in Asymmetric GamesNo. Author(s) Title
9133 J. Greenberg and Stable Coalition Structures with Uni-dimensional Set of
S. Weber Alternatives
9134 I~. de Jonl; and Seigniorage, Taxes, Government Debt and the EMS
I:. van drr Ploc~
9135 E. Bomhoff Between Price Reform and Privatization - Eastern Europe in
Transition







9141 C. Fershtman and
A.de Zeeuw
9142 J.D. Angrist and
G.W.Imbens
9143 A.K. Bera and
A. Ullah
9144 B. Melenberg and
A. van Soest
9145 G. Imbens and
T. Lancaster
9146 Th. van de Klundert
and S. Smulders
9147 J. Greenberg
9148 S. van Wijnbergen
9149 S. van Wijnbergen
9150 G. Koop and
M.F.J. Steel
Strategic Information Manipulation in Duopolies
The D';Triangulation for Continuous Deformation Algorithms
to Compute Solutions of Nonlinear Equations
Comment on "Nash andStackelbergSolutions ina Differential
Game Model of Capitalism"
Border Controls and Tax Competition in a Customs Union
Capital Accumulation and Entry Deterrence: A Clarifying
Note
Sources of Identifying Information in Evaluation Models
Rao's Score Test in Econometrics
Parametric and Semi-Parametric Modelling of Vacatíon
Expenditures
Efficient Estimation and Stratified Sampling
Reconstructing Growth Theory: A Survey
On the Sensitivity of Von Neuman and Morgenstern Abstract
Stable Sets: The Stable and the Individual Stable Bargaining
Set
Trade Reform, Policy Uncertainty and the Current Accounr
A Non-Expected Utility Approach
Intertemporal Speculation, Shortages and the Political
Economy of Price Reform
A Decision Theoretic Analysis of the Unit Root Hypothesis






9154 A.K. Bera and
S. Lee




9159 A. ~zcam, G. Judge,
A. Bera and T. Yancey
9160 R.M.W.J. Beetsma
9161 A.M. Lejour and
H.A.A. Verbon
9162 S. Bhattacharya
9163 H. Bester, A. de Palma,
W. Leininger, E.-L. von
Thadden and J. Thomas
9164 J. Greenberg
9165 Q.H. Vuong and W. Wang
9166 D.O. Stahl II
9167 D.O. Stahl II
9168 T.E. Nijman and F.C. Palm
9169 G. Asheim
9170 H. Carlsson and
E. van Damme
9201 M. Verbeek and
Th. Nijman
Title
Consumer Allocation Models: Choice of Functional Form
Bear Squeezes, Volatdity Spillovers and Speculative Attacks
in the Hyperinflation 1920s Foreign Exchange
Bayesian Inference in Time Series
Information Matrix Test, Parameter Heterogeneity and
ARCH: A Synthesis
A Univariate Analysis ofEMS Exchange Rates Using a Targe~
Ewnomies in Transition
Intersection Theorems on the Unit Simplex and the
Simplotope
A Model of Price Advertising and Sales
The Risk Properties of a Pre-Test Estimator for Zellner's
Seemingly Unrelated Regression Model
Bands and Statistical Properties of EMS Exchange Rates: A
Monte Carlo Investigation of Three Target Zone Models
Zone Model
Cen[ralized and Decentralized Decision Making on Social
Insurance in an Integrated Market
Multilateral Institutions
Sovereign Debt, Credi[or-Country Governments, and
The Missing Equilibria in Hotelling's Location Game
The Stable Value
Selecting Estimated Models Using Chi-Square Statistics
Evolution of Smart, Players
Strategic Advertising and Pricing with Sequential Buyer Search
Recent Developments in Modeling Volatility in Financial Data
lndividual and Collective Time Consistency
Equilibrium Selection in Stag Hunt Games
Minimum MSE Estimation of a Regression Modelwith Fixed
Effects from a Series of Cross SectionsNo. Author(s)
9202 E. Bomhoff
9203 J. Quiggin and P. Wakker




9207 M. Verbeek and
Th. Nijman
9208 W. Hárdle and
A.B. Tsybakov
9209 S. Albark and
P.B. Overgaard
9210 M. Cripps and
J. Thomas
9211 S. Albaek
9212 T.J.A. Storcken and
P.H.M. Ruys
9213 R.M.W.J. Beetsma and
F. van der Ploeg
9214 A. van Soest
9215 W. Guth and
K. Ritzherger
9216 A. Simonovits
9217 J.-L. Ferreira, L Gilboa
and M. Maschler
9218 P. Borm, H. Keiding,
R. Mclean, S. Oortwijn
and S. Tijs
9219 J.L. Horowitz and
W. Hárdle
9220 A.L. Bovenberg
9221 S. Smulders and
Th, van de Klundert
Title
Monetary Policy and Intlation
The Axiomatic Basis of Anticipated Utility; A Clarification
Strategies for Growth in a Macroeconomic Setting
Money and Specialization in Production
Applied Nonparametric Models
Incomplete Panels and Selec.Kion Bias: A Survey
How Sensitive Are Average Derivatives?
Upstream Pricing and Advertising Signal Downstream
Demand
Reputation and Commitment in Tvo-Person Repeated Games
Endogenous Timing in a Game with Incomplete Information
Extensions of Choice Behaviour
Exchange Rate Bands and Optimal Monetary Aooommodation
under a D'uty Float
Discrete Choice Models of Family Labour Supply
On Durable Goods Monopolies and the (Anti-) Coase-
Conjecture
Indexation of Pensions in Hungary: A Simple Cohort Model
Credible Equilibria in Games with Utilities Changing during
the Play
The Compromise Value for NTU-Games
Testing a Parametric Model against a Semiparametric
Alternative
Investment-Promoting Policies in Cipen Economies: The
Importance of Intergenerational and International
Distributional Effects
Monopolistic Competition, Product Variety and Growth:
Chamberlin vs. SchumpeterNo. Author(s) Title
9222 H. Bester and E. Petrakis Yrice Compctition and Advcrtising in Oligutwly
9223 A. van den Nouweland, Monotonic Games are Spanning Network Games
M. Maschler and S. Tijs
9224 H. Suehiro A"Mistaken Theories" Refinement
9225 H. Suehiro Robust Selection of Equilibria
9226 D. Friedman Economically Applicable Evolutionary Games
9227 E. Bomhoff Four Econometric Fashions and the Kalman Filter
Alternative - A Simulation Study
9228 P. Borm, G.-J. Otten Core Implementation in Modified Strongand Coalition Proof
and Hans Peters Nash Equilibria
9229 H.G.Bloemenand TheJointEstimationofaNon-LinearLabourSupplyFunction
A. Kapteyn anda Wage Equation UsingSimulated ResponseProbabilities
9230 R. Beetsma and Does lnequality Cause Inflation? - The Political Economy of
F. van der Ploeg Inflation, Taxation and Government Debt
9231 G. Almekinders and Daily Bundesbank and Federal Reserve Interventions - Do
S. Eijffinger they Affect the Level and Unexpected Volatility of the
DM~S-Rate?
9232 F. Vella and M. Verbeek Estimating the Impact of Endogenous Union Choice on
Wages Using Panel Data
9233 P. de Bijl and S. Goyal Technological Change in Markets with Network Externalities
9234 J. Angrist and G. Imbens Average Causal Response with Variable Treatment Intensity
9235 L. Meijdam, Strategic Decision Making and the Dynamics of Government
M. van de Ven Debt
and H. Verbon
9236 H. Houba and Strategic Bargaining for the Control of a Dynamic System in
A. de Leeuw State-Space Form
9237 A. Cameron and P. Trivedi Tests of Independence in Parametric Models: With
Applications and Illustrations
9238 J.-S. Pischke lndividual Tncome, Incomplete Information, and Aggregate
Consumption111~~1~9 N WIWÁVVVpNÁáNNIq